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Explore the foundational Adams-Bashforth methods for solving ordinary differential equations
(ODEs). This comprehensive guide delves into their principles, derivation, advantages, limitations,
and practical applications in various scientific and engineering fields. We will uncover how these
multistep methods leverage past information to predict future states, offering a robust alternative to
single-step techniques. Whether you're a student, researcher, or practitioner, understanding Adams-
Bashforth methods is crucial for accurate numerical ODE solving.
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Introduction to Adams-Bashforth Methods for ODEs

Delving into the numerical solutions of ordinary differential equations (ODEs) often leads us to a
powerful family of techniques known as multistep methods. Among these, the Adams-Bashforth
methods stand out as explicit, predictor-type formulas that have carved a significant niche in



computational mathematics and scientific simulation. These methods are particularly adept at
approximating solutions to initial value problems (IVPs) where the derivative at a point depends only
on the independent variable and the dependent variable itself, and importantly, not explicitly on the
derivative of the solution. The core idea behind the Adams-Bashforth approach involves utilizing a
history of previously computed solution points to predict the value at the next step. This article
provides an in-depth exploration of these crucial numerical tools, dissecting their theoretical
underpinnings, how they are derived, and their practical utility across diverse scientific disciplines.
We will illuminate why understanding the intricacies of Adams-Bashforth methods is paramount for
anyone engaged in the numerical analysis of dynamic systems and differential equations.

Understanding Ordinary Differential Equations (ODEs)

Ordinary differential equations (ODEs) are fundamental mathematical constructs used to describe
systems that change over time or with respect to a single independent variable. An ODE involves a
derivative of an unknown function with respect to that single independent variable. For example,
Newton's second law of motion, which relates force, mass, and acceleration (the second derivative of
position with respect to time), is a classic example of an ODE. Many phenomena in physics,
engineering, biology, economics, and other fields are modeled using ODEs. These models allow us to
understand the dynamics of a system, predict its future behavior, and analyze its response to various
conditions. Typically, we are interested in solving an ODE of the form $y'(t) = f(t, y(t))$, with an
initial condition $y(t_0) = y_0$. While analytical solutions exist for a limited number of ODEs, the
vast majority require numerical methods for approximation.

The Importance of Numerical Solutions

In many real-world scenarios, the functions describing the rates of change within a system are
complex or non-linear, rendering analytical solutions intractable or impossible to obtain. Numerical
methods provide a way to approximate the solution by stepping through the independent variable
(often time) and calculating the dependent variable's value at discrete points. These methods
transform the continuous problem of solving an ODE into a sequence of algebraic calculations. The
accuracy and efficiency of these numerical methods are paramount, as they directly impact the
reliability of simulations and predictions made using these models.

The Essence of Multistep Methods

Numerical methods for solving ODEs can be broadly categorized into single-step methods and
multistep methods. Single-step methods, such as Euler's method and the Runge-Kutta methods, use
information from only the current point to compute the solution at the next point. In contrast,
multistep methods leverage the values of the solution at several preceding points to determine the
value at the next point. This characteristic allows multistep methods to achieve higher accuracy for a
given step size or to require fewer function evaluations to reach a desired accuracy compared to
some single-step methods. The Adams-Bashforth methods fall squarely into this category, offering a
distinct approach to approximating ODE solutions by incorporating historical data.



Leveraging Past Information

The fundamental advantage of multistep methods, including Adams-Bashforth techniques, lies in
their ability to use more information about the solution's trajectory. Instead of relying solely on the
current state, they look back at previous steps. This "memory" allows them to build a more informed
prediction of the future behavior of the system described by the ODE. By fitting a polynomial
through several known points of the solution, these methods can extrapolate to find the value at the
next step. This polynomial interpolation is the core mathematical concept that underpins the
construction and efficacy of the Adams-Bashforth methods.

Deriving Adams-Bashforth Methods: The Core Concepts

The derivation of Adams-Bashforth methods is rooted in the concept of polynomial interpolation
applied to the derivative function, $f(t, y(t))$. Instead of directly approximating $y(t_{n+1})$, these
methods approximate the derivative $y'(t)$ at points between $t_n$ and $t_{n+1}$ using a
polynomial that interpolates values of $f$ at previous steps. The general approach involves the
following steps:

Consider the ODE $y'(t) = f(t, y(t))$.1.

Integrate this equation over an interval $[t_n, t_{n+1}]$: $y(t_{n+1}) - y(t_n) =2.
\int_{t_n}^{t_{n+1}} f(t, y(t)) dt$.

Replace the integral of $f(t, y(t))$ with an integral of an interpolating polynomial that passes3.
through known points of $f$.

Since Adams-Bashforth methods are explicit, the interpolating polynomial uses values of $f$4.
only at previous steps, i.e., $f_k = f(t_k, y_k)$ for $k \le n$.

This integration of an interpolating polynomial for the derivative $f$ is what leads to the
characteristic formulas of the Adams-Bashforth methods.

Polynomial Interpolation for the Derivative

The key to deriving these methods is to approximate $f(t, y(t))$ using a polynomial that interpolates
values of $f$ at $m$ previous points: $(t_n, f_n), (t_{n-1}, f_{n-1}), \ldots, (t_{n-m+1}, f_{n-m+1})$.
Newton's backward difference formula is often used for this interpolation. The formula for $f(t)$ can
be expressed as:

$f(t) \approx P(t) = \sum_{j=0}^{m-1} (-1)^j \binom{s+1}{j+1} \nabla^j f_n$,

where $t = t_{n+1} - sh$ (with $h$ being the step size), $s$ is a parameter, and $\nabla^j f_n$ are
the backward differences of $f$ at $t_n$. Specifically, $f_n = f(t_n, y_n)$, $f_{n-1} = f(t_{n-1},



y_{n-1})$, and so on. The backward difference operator $\nabla$ is defined as $\nabla f_k = f_k -
f_{k-1}$.

Integrating the Interpolating Polynomial

After constructing the interpolating polynomial $P(t)$, the next step is to integrate it from $t_n$ to
$t_{n+1}$. The integral of $f(t, y(t))$ is approximated by the integral of $P(t)$. By substituting $t =
t_{n+1} - sh$ and $dt = -h ds$, the integral becomes:

$\int_{t_n}^{t_{n+1}} f(t, y(t)) dt \approx \int_{1}^{0} P(t_{n+1} - sh) (-h ds) = h \int_{0}^{1}
P(t_{n+1} - sh) ds$.

Substituting the polynomial expansion and performing the integration with respect to $s$ results in
the Adams-Bashforth formulas, where the coefficients depend on the number of steps ($m$) used in
the interpolation.

Adams-Bashforth Methods: A Closer Look

The Adams-Bashforth methods are a family of explicit linear multistep methods. The number of
preceding points used determines the order of the method and its specific formula. As the number of
steps increases, the accuracy generally improves, but so does the complexity and the need for more
starting values, which must typically be generated by a single-step method like Runge-Kutta. Let's
examine some common Adams-Bashforth formulas.

The Two-Step Adams-Bashforth Method

The two-step Adams-Bashforth method is one of the simplest members of this family. It uses the
values of $f$ at $t_n$ and $t_{n-1}$ to approximate $y_{n+1}$. The interpolating polynomial is
linear and passes through $(t_{n-1}, f_{n-1})$ and $(t_n, f_n)$. The derived formula is:

$y_{n+1} = y_n + h \left( \frac{3}{2} f_n - \frac{1}{2} f_{n-1} \right)$.

This method requires two starting values: $y_0$ (given) and $y_1$, which must be computed using a
single-step method of at least order 1. The formula is explicit, meaning $y_{n+1}$ can be computed
directly from known values.

The Three-Step Adams-Bashforth Method

The three-step Adams-Bashforth method uses values at $t_n$, $t_{n-1}$, and $t_{n-2}$. It employs
a quadratic polynomial that interpolates $f_{n}, f_{n-1}, f_{n-2}$. The formula becomes:

$y_{n+1} = y_n + h \left( \frac{23}{12} f_n - \frac{16}{12} f_{n-1} + \frac{5}{12} f_{n-2}
\right)$.

This method requires three starting values, $y_0, y_1, y_2$, to be computed beforehand. It is also an



explicit method and offers better accuracy than the two-step version.

The Four-Step Adams-Bashforth Method

Extending the pattern, the four-step Adams-Bashforth method utilizes $f_n, f_{n-1}, f_{n-2},
f_{n-3}$. It is based on a cubic interpolating polynomial. The resulting formula is:

$y_{n+1} = y_n + h \left( \frac{55}{24} f_n - \frac{59}{24} f_{n-1} + \frac{37}{24} f_{n-2} -
\frac{9}{24} f_{n-3} \right)$.

This method requires four initial values and provides a higher order of accuracy. The coefficients are
derived by integrating a cubic polynomial that passes through the four previous points of the
derivative function.

Generalizing Adams-Bashforth Methods

In general, an $m$-step Adams-Bashforth method can be written in the form:

$y_{n+1} = y_n + h \sum_{i=0}^{m-1} \beta_i \nabla^i f_n$,

where $\beta_i$ are constants derived from the integration of the backward difference polynomial.
Alternatively, a common form uses the explicit coefficients $c_i$ directly related to the function
values:

$y_{n+1} = y_n + h \sum_{j=0}^{m-1} c_j f_{n-j}$.

The coefficients $c_j$ depend on $m$ and are obtained from the integral:

$c_j = \int_{0}^{1} (-1)^j \binom{s+1}{j+1} ds$.

These coefficients are tabulated and increase in complexity with $m$. The order of an $m$-step
Adams-Bashforth method is $m$, meaning the local truncation error is of order $O(h^{m+1})$.

Adams-Bashforth Methods vs. Adams-Moulton Methods

It is important to distinguish Adams-Bashforth methods from Adams-Moulton methods, as both are
popular multistep techniques for solving ODEs. The primary difference lies in their explicitness or
implicitness concerning the prediction of $y_{n+1}$.

Explicit vs. Implicit Methods

Adams-Bashforth methods are explicit. This means that the value of $y_{n+1}$ can be computed
directly from known values $y_n, y_{n-1}, \ldots, y_{n-m+1}$ and the corresponding derivative
values $f_n, f_{n-1}, \ldots, f_{n-m+1}$.

Adams-Moulton methods, on the other hand, are implicit. They use an interpolating polynomial that
includes the unknown value $f_{n+1} = f(t_{n+1}, y_{n+1})$. This results in an equation where



$y_{n+1}$ appears on both sides, requiring an iterative method (like Newton's method) or a
predictor-corrector approach to solve for $y_{n+1}$.

Predictor-Corrector Approaches

The implicit nature of Adams-Moulton methods often makes them more stable and accurate for a
given step size. However, their computational cost per step is higher due to the need for solving
implicit equations. A common strategy to leverage the benefits of both is the predictor-corrector
(PC) method. In a PC method, an explicit method, such as an Adams-Bashforth method, is used to
predict an initial guess for $y_{n+1}$, denoted as $y_{n+1}^{(0)}$. This predicted value is then
used to calculate $f_{n+1}^{(0)} = f(t_{n+1}, y_{n+1}^{(0)})$. Subsequently, an implicit method,
like an Adams-Moulton method, uses this predicted $f_{n+1}^{(0)}$ to correct the estimate of
$y_{n+1}$ to obtain $y_{n+1}^{(1)}$. This process can be repeated for higher accuracy.

A typical PC implementation using an $m$-step Adams-Bashforth predictor and an $m$-step Adams-
Moulton corrector is often referred to as an Adams-Bashforth-Moulton method. For instance, the
two-step Adams-Bashforth (predictor) and the two-step Adams-Moulton (corrector) pair is a very
common and effective combination.

Advantages of Using Adams-Bashforth Methods

Adams-Bashforth methods offer several advantages that make them a valuable tool in numerical
ODE solving.

Explicitness: Their explicit nature means that computing the next step is straightforward and
does not require iterative solutions, which simplifies implementation and reduces
computational overhead per step compared to implicit methods.

Efficiency for High Accuracy: For a given accuracy requirement, multistep methods like
Adams-Bashforth can often achieve this with fewer function evaluations than single-step
methods of comparable order. This is because they utilize information from previous steps,
allowing them to take larger steps or achieve higher accuracy with the same step size.

Convergence Properties: With appropriate starting values, Adams-Bashforth methods are
convergent. Their convergence rate is directly related to their order.

Foundation for Predictor-Corrector Methods: They serve as excellent predictors in
predictor-corrector schemes, allowing for the benefits of implicit methods (accuracy, stability)
to be realized without the full computational cost of solving implicit equations directly at every
step.



Limitations and Considerations for Adams-Bashforth
Methods

Despite their advantages, Adams-Bashforth methods also have limitations that users must be aware
of.

Starting Values: Multistep methods require a number of starting values equal to their order.
These initial values, $y_1, y_2, \ldots, y_{m-1}$, must be computed using a single-step method
(e.g., Runge-Kutta). The accuracy of these starting values can impact the overall accuracy of
the multistep method, especially in the initial stages of the computation.

Root Sensitivity (Stability): While generally stable for small step sizes, the stability of
explicit multistep methods can be a concern, particularly for higher-order methods or when
dealing with very stiff ODEs. The roots of the characteristic polynomial associated with the
method dictate its stability properties.

Difficulty with Variable Step Sizes: Adapting Adams-Bashforth methods to variable step
sizes can be more complex than for some single-step methods. While it is possible, it requires
re-evaluating the interpolating polynomial coefficients or using more advanced formulations.

Order Control: If the derivative function $f$ changes behavior rapidly, the approximation
quality might degrade, and a higher-order method or smaller step size might be needed.

Handling Stiff ODEs

Adams-Bashforth methods, being explicit, are generally not the preferred choice for solving stiff
ODEs. Stiff ODEs are characterized by having solutions that decay very rapidly over certain
intervals, requiring extremely small step sizes for explicit methods to remain stable. Implicit
methods, such as implicit Runge-Kutta or implicit multistep methods, are usually more suitable for
stiff problems due to their better stability properties (e.g., A-stability).

Practical Applications of Adams-Bashforth Methods

The Adams-Bashforth methods find widespread use in various scientific and engineering disciplines
where ODEs are used to model dynamic systems.

Physics: Simulating the motion of celestial bodies, projectile trajectories, fluid dynamics, and
quantum mechanical systems.

Engineering: Modeling electrical circuits, control systems, mechanical vibrations, heat



transfer, and chemical reaction kinetics.

Biology: Studying population dynamics, the spread of diseases, and biochemical processes.

Economics and Finance: Modeling economic growth, option pricing, and financial market
dynamics.

Weather Forecasting: Numerical weather prediction models often involve solving complex
systems of ODEs that describe atmospheric behavior.

In many of these applications, Adams-Bashforth methods are employed within larger simulation
frameworks, often in conjunction with adaptive step-size control and predictor-corrector strategies
to ensure both accuracy and efficiency.

Example Scenario: Simulating Planetary Orbits

Consider the problem of simulating planetary orbits governed by Newton's law of gravitation. This
can be formulated as a system of second-order ODEs, which can be converted into a system of first-
order ODEs. For instance, the motion of a planet can be described by its position $(x, y)$ and
velocity $(v_x, v_y)$. The ODEs would be:

$dx/dt = v_x$

$dy/dt = v_y$

$dv_x/dt = -G M \frac{x}{(x^2 + y^2)^{3/2}}$

$dv_y/dt = -G M \frac{y}{(x^2 + y^2)^{3/2}}$

where $G$ is the gravitational constant, $M$ is the mass of the central body (e.g., the Sun), and $(x,
y)$ is the position of the planet relative to the central body. The Adams-Bashforth methods can be
used to step through time, predicting the future position and velocity of the planet based on its
current and past states, allowing for the simulation of its orbital path.

Implementing Adams-Bashforth Methods

Implementing Adams-Bashforth methods involves several key steps to ensure correct and efficient
computation.

Initialization: The first step is to obtain the necessary starting values for the multistep1.
method. For an $m$-step Adams-Bashforth method, you need $y_0, y_1, \ldots, y_{m-1}$.
These are typically generated using a reliable single-step method such as a fourth-order
Runge-Kutta (RK4) method, which has an order of 4, ensuring that it can accurately provide
the starting values for methods of order up to 3.

Function Evaluation: At each step $n$, you need to compute $f_k = f(t_k, y_k)$ for $k = n,2.



n-1, \ldots, n-m+1$.

Applying the Formula: Use the appropriate Adams-Bashforth formula for the chosen order3.
$m$ to calculate $y_{n+1}$ using the previously computed $f$ values.

Step Size Control (Optional but Recommended): To maintain accuracy and efficiency,4.
implement an adaptive step-size control mechanism. This involves estimating the error at each
step and adjusting the step size $h$ accordingly. If the estimated error is too large, $h$ is
reduced; if it's small, $h$ can be increased. This often requires computing an error estimate,
which can be done by comparing the result of the Adams-Bashforth method with that of a
lower-order or a corrector step.

Updating: After computing $y_{n+1}$, update the stored values for the next iteration. The5.
value at $t_n$ becomes the value for $t_{n-1}$, $t_{n-1}$ becomes $t_{n-2}$, and so on, and
the new $f_{n+1}$ is added to the history.

Choosing the Order and Step Size

The choice of the order $m$ for an Adams-Bashforth method depends on the problem's requirements
for accuracy and stability. Higher orders generally provide better accuracy but require more storage
for past values and are more sensitive to the accuracy of starting values. The step size $h$ is a
crucial parameter. A smaller $h$ generally leads to higher accuracy but increases the computation
time. Conversely, a larger $h$ reduces computation time but can lead to significant errors or
instability.

Conclusion: The Enduring Relevance of Adams-
Bashforth Methods

The Adams-Bashforth methods represent a cornerstone in the numerical approximation of ordinary
differential equations. Their explicit nature, coupled with the power of multistep computation, makes
them efficient and accurate for a wide range of problems in science and engineering. By leveraging
the history of previously computed solution points, these methods offer a distinct advantage over
single-step techniques, particularly when higher accuracy is desired without a prohibitive increase
in computational cost. While they present challenges regarding starting values and stability for stiff
systems, their utility is significantly enhanced when employed within predictor-corrector
frameworks, combining their predictive power with the stability of implicit methods. Understanding
the principles, derivation, and application of Adams-Bashforth methods is thus an indispensable skill
for anyone engaged in the numerical analysis and simulation of dynamic systems, ensuring robust
and reliable solutions to complex mathematical models that describe our world.



Frequently Asked Questions

What are Adams-Bashforth methods in the context of Ordinary
Differential Equations (ODEs)?
Adams-Bashforth methods are a family of explicit multi-step methods used for numerically solving
ODEs. They approximate the solution at the next time step by using information from previous time
steps, specifically by integrating a polynomial that interpolates the derivative at those previous
points.

How do Adams-Bashforth methods differ from Adams-Moulton
methods?
The key difference lies in their explicitness. Adams-Bashforth methods are explicit, meaning the
solution at the next step can be calculated directly from known values. Adams-Moulton methods are
implicit, requiring the solution of an equation to find the next step's value, which generally leads to
better stability but is computationally more expensive.

What is the 'order' of an Adams-Bashforth method, and what
does it signify?
The order of an Adams-Bashforth method refers to the highest power of the step size in the leading
error term. A higher order generally means a more accurate method for a given step size, as the
error decreases more rapidly as the step size is reduced.

Can you give an example of a common Adams-Bashforth
method?
Yes, the second-order Adams-Bashforth method is commonly used. It approximates the solution
$y_{n+1}$ using the previous two points $(y_n, f(t_n, y_n))$ and $(y_{n-1}, f(t_{n-1}, y_{n-1}))$,
where $f$ is the derivative function of the ODE.

What are the advantages of using Adams-Bashforth methods?
Advantages include their explicit nature, which simplifies implementation and avoids iterative
solvers. They are also generally computationally efficient, especially for higher-order methods, and
can be more stable than explicit Runge-Kutta methods of comparable order for certain problems.

What are the disadvantages of Adams-Bashforth methods?
A significant disadvantage is their need for starting values. Since they are multi-step methods, they
require a sufficient number of initial values, which must be generated by a single-step method like
Runge-Kutta. They can also suffer from lower stability compared to implicit methods.



How are the starting values for Adams-Bashforth methods
typically obtained?
Starting values are usually computed using a one-step method such as the Runge-Kutta 4th order
(RK4) method. The number of initial values needed depends on the order of the Adams-Bashforth
method being used.

What is 'stability' in the context of Adams-Bashforth methods?
Stability refers to the method's ability to prevent errors from growing uncontrollably as the
computation progresses. Adams-Bashforth methods have a finite region of stability, meaning they
can become unstable if the step size is too large relative to the problem's characteristics.

What are predictor-corrector methods involving Adams-
Bashforth formulas?
Adams-Bashforth methods are often used as 'predictors' in predictor-corrector schemes. The Adams-
Bashforth method provides an initial estimate (prediction) for the next step, and then an implicit
method (like Adams-Moulton) is used to 'correct' this estimate for better accuracy.

In which types of ODE problems are Adams-Bashforth methods
most commonly applied?
They are well-suited for problems where the derivative function $f(t, y)$ is computationally
expensive to evaluate or where a stable explicit method is desired. They are often used in physics,
engineering, and other scientific fields for simulations involving ODEs.

Additional Resources
It seems you're interested in book titles related to the Adams-Bashforth method and potentially its
applications or broader numerical analysis contexts. However, "odes" typically refers to Ordinary
Differential Equations, not a specific concept within Adams-Bashforth. Assuming you're interested in
numerical methods for solving ODEs, and Adams-Bashforth being a prominent family of such
methods, here are 9 book titles with descriptions, focusing on that area:

1. Numerical Solution of Ordinary Differential Equations
This foundational text delves into the core principles of solving ODEs numerically. It would likely
cover a range of methods, including explicit and implicit schemes, error analysis, stability
considerations, and the theoretical underpinnings of methods like Adams-Bashforth. Expect detailed
explanations and mathematical rigor.

2. Introduction to Numerical Analysis
A broader overview of numerical techniques, this book would introduce readers to various
algorithms for approximating solutions to mathematical problems. It would present the Adams-
Bashforth methods within the larger context of numerical integration and differential equation
solving, providing foundational knowledge for understanding their strengths and weaknesses.



3. Advanced Numerical Methods for Differential Equations
Targeting those with some prior knowledge, this book would explore more sophisticated techniques
for ODEs. It would likely offer an in-depth treatment of multistep methods, including Adams-
Bashforth and Adams-Moulton, discussing their derivation, implementation, and advanced topics like
convergence and stability analysis.

4. Computational Methods for Scientists and Engineers
This practical guide would focus on applying numerical methods to real-world problems in science
and engineering. It would likely feature chapters dedicated to solving ODEs, showcasing how
methods like Adams-Bashforth are used in simulations and modeling across various disciplines, often
with accompanying code examples.

5. The Art of Numerical Solution of Ordinary Differential Equations
This title suggests a more pedagogical approach, emphasizing the practical skills and insights
needed for effective ODE solving. It might explore the nuances of choosing and implementing
methods like Adams-Bashforth, offering guidance on troubleshooting and optimizing solutions for
complex problems.

6. Differential-Algebraic Equations: An Introduction to Theory and Applications
While focusing on a more general class of equations, this book would likely include significant
sections on numerical methods for ODEs. The Adams-Bashforth methods, being robust solvers for
ODEs, would be discussed as foundational components or building blocks for tackling more complex
differential-algebraic systems.

7. Numerical Quadrature and Solvability of Ordinary Differential Equations
This specialized text would likely connect numerical integration techniques, like those used in
Adams-Bashforth methods, with the analysis of ODE solvability. It would explore how different
quadrature rules influence the accuracy and stability of ODE solvers, potentially offering a deeper
theoretical understanding of these methods.

8. Numerical ODE Solvers: Theory and Practice
This book would offer a balanced perspective, covering both the theoretical foundations and
practical implementation of numerical ODE solvers. It would undoubtedly dedicate substantial
content to multistep methods, including a thorough examination of the Adams-Bashforth family, their
construction, and their performance characteristics.

9. Handbook of Numerical Analysis: Volume 1 (Finite Difference and Finite Element Methods)
While this volume might not exclusively focus on ODEs, it would likely include chapters on related
numerical techniques. The Adams-Bashforth methods, as a form of discrete approximation for ODEs,
could be discussed as a precursor or complement to finite difference or finite element approaches
for solving differential equations.
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